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Abstract

The “winner’s curse” occurs when winning biddersaattions systematically bid above the
actual value of the objects and thereby systenibticeur losses. In order to investigate the
incidence of the winner’s curse in Brazil, we coctegd an experiment consisting of a series
of auctions of a fictitious object. The Risk Neltkeash Equilibrium model was adopted as
the benchmark for the performance observed. Theltseprovided partial support to the
occurrence of the winner's curse. No systematisdssoccurred but the financial results in
the auctions were significantly inferior to thogedgicted by the equilibrium model.
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Frequently, economists do not distinguish betweermative models and descriptive
models of economic agents’ decision behavior . &ltgh economic theorists tend to adopt a
normative view (which rational economic agestseuld do), a common claim is that normative
models also predict what economic agents aallially do. Empirical and experimental evidence
collected over past decades, however, has broogthiet surface a series of phenomena where
the divergence between the two approaches has dystematically confirmed. The object of
this study is associated with the discussion amtingg of one of those phenomena — the

“winner’'s curse”.

The winner’s curse

The phenomenon known as the “winner’s curse” wasally identified by Cappen,
Clapp and Campbell (197dpud KAGEL; LEVIN, 2001) in the context of auctions Heby the
American government in the 1960s for the grantimgights to exploit petroleum and gas
reserves. Such auctions were generally modelesrasnon value auctions (KAGEL; LEVIN,
2001). In the common value model, the object atiands worth the same “true” value for all
bidders. However, the bidders have different “sighaor estimates of that value
(CHAKRAVARTI et al., 2002). Since the bidders are not certain abawalue of the object for
sale, they might bid higher than the object’s redilie.

| this study, the winner’s curse is said to occurenever the winning bidder of the

auction systematically acquires objects for sale atalue greater than their real value and,
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therefore, incur either systematic financial lossea lower profit than expected (LIND; PLOTT
1991). In this study, the winner’s curse is invgastied within the context of auctions where only
one object is up for sale.

The occurrence of the winner’'s curse can be expthas follows. It is assumed that the
bidders do not know the real value of the objecemvthey make their bids, but each bidder has
an independent signal that provides an unbiasadhast of that value. Some bidders will
underestimate the object’'s value, while others wilerestimate it. Since the estimates are
unbiased, they represent, on average, the read \dlthe object. If we assume that all bidders
employ the same strategy, the winner of the audiitinbe the one with the highest estimate of
the value of the object. However, the highest esttnamong several unbiased estimates tends to
be an overestimate. If the bidders do not takefdasinto account when deciding on their bids,
the winner of the auction may submit a bid thateexts the expected value of the object for sale,
conditioned on having the highest estimate of vdlD@X; DINKIN; SWARTHOUT, 2001).
Assuming that auction participants are either raur risk averse, and considering that the
holder of the highest signal wins the auction, tb&ult is that the winning bidder bids a value
higher than the expected value of the object fte sanditional on having the highest signal.
This behavior will insure, on average, a negatiwarfcial result (KAGEL; LEVIN, 1986). In a
milder version of the phenomenon, the winner ofdhetion does not incur a loss, but obtains a
financial result lower than expected. In this cdke,value of the object is lower than the value
estimated by the winner, so he/she is disappointtdthe financial result (THALER, 1988).

Also, the winner’s curse describes an ordinary g@asomeone wins a competition to
have priority to buy an object, and then receivisagpointing news about the value of that item
that has just been bought; such a situation woatdonly generate poor financial results to the
buyers, but also provoke distortions on the mafB&ZERMAN, 2004). The psychological urge
to win generally creates an overly enthusiasticebugnd, consequently, a seller with huge
chances of generating profit (CHUA; LUK, 2005).

Thaler (1988) points out that “the winner's cursanmot occur if all bidders are
rational...” (THALER, 1988, p. 192). In the words &hgel and Levin (1986, p. 894), the
incidence of the winner’'s curse will “imply thatdders repeatedly err, in violation of basic
notions of economic rationality.” In such conterdtionality means that the economic agents will
make decisions using available information logicahd consistently in order to make the best
choices given the available alternatives. It isidweld that agents evaluate the state of the
economy and process information according to nawaatatistical principles and following the
expected utility theory (VON NEUMANN; MORGENSTERN007). Cox and Isaac (1984)
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showed that agents who maximize their expectedyutiévise their estimates downward and
reduce their bids so as to avoid the winner’'s c(KeGEL et al., 1989).

The winner's curse is a very persistent phenomeeeen when agents are perfectly
aware of the curse, they tend to present manycdiffes in keeping their bids low, in order to
avoid negative financial results (TIDEMAN, 2004).

There is a greater occurrence of the winner’s cursgtuations in which the assets of an
organization go toauction as a result of bankruptelyen the subjects involved are women
and/or individuals with little experience in similsituations (CASARI; HAM; KAGEL, 2007).
Chua and Luk (2005) found evidences that groups@#perior to isolated individuals in making

acquisition choices that provoke a lessening ofntimmer’s curse effects.

Causes and intervening factors

Two questions of interest in studying the phenomeae: (1) Why does the winner’s
curse occur? and (2) What factors increase theiémcy and intensity of the winner’s curse?

The occurrence of the winner’s curse is generatpylaned by the exclusion of relevant
information from the bidders’ decision-making prese Bazerman and Samuelson (1983)
identify two factors that affect the occurrencetlod winner’s curse. The first is the degree of
uncertainty concerning the value of the objectsfale: the greater the uncertainty associated with
the object’s value, the greater the variance ofegtenates of its value. In its turn, an increase i
the dispersion of the estimates and bids shouletase the probability that the winning bid will
exceed the real value of the object. The secontbrfaefers to the number of bidders. An
increase in their number would also result in araase in the variance of the estimates and
bids. Thus, the probability of having an excesgivabh estimate should also increase as the
number of competitors at the auction increasestefbee, in order to avoid the winner’s curse in
auctions where there is much uncertainty concerthegvalue of an object, or where there is a
large number of bidders, it is necessary to maggeeater discount in the estimate of the object’s

value and, consequently, further reduce the bliktsubmitted.

Empirical evidence

Studies carried out using field data have showdenge of the winner’s curse in several
contexts: in petroleum industry (CAPE# al., 1971; LORENZ; DOUGHERTY, 1983apud
KAGEL; LEVIN, 2001), in the stock market (MILLER, 97 apud BAZERMAN,;
SAMUELSON, 1983), in the professional baseball'sefragency market (CASSING;
DOUGLAS, 1980; BLECKERMAN; CAMERER, 1998pud KAGEL; LEVIN, 2001), in the
publishing market (DESSAUER, 19&ipud KAGEL; LEVIN, 2001), in corporate takeover
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battles (ROLL, 1986apud KAGEL; LEVIN, 2001), and in the real estate market
(ASHENFELTER; GENESORE, 19%pud KAGEL; LEVIN, 2001).

Bajari and Hortacsu (2003) measured the extensigdgheowinner’s curse for different
reference prices in Internet auctions.

The results of these empirical studies are viewdh skepticism by many economists,
however, because of the lack of reliability in theta analyzed and due to inherent problems in
interpreting them (KAGEL; LEVIN, 1986 and 2001).ekl data are frequently complex and
incomplete and allow several alternative explametifor the pattern of excessively high bids and
unusually low returns found in those studies (KAGEEVIN, 2001).

The ambiguity inherent in the empirical studies ahd controversial nature of the
allegations related to the winner’s curse have vated the adoption of experimental designs to
study the phenomenon (KAGEL; LEVIN, 2001). The tfiesxperimental demonstration of the
winner’s curse was conducted in a classroom seftynBazerman and Samuelson (1983). They
conducted a series of first-price sealed-bid aunsetiof jars containing coins or paperclips, using
MBA students as bidders. Data revealed that theageewinning bid was significantly higher
than the real value of the auctioned objects. Titi@ens were generally won by competitors
with high estimates, and such estimates were, erage,high enough forthe winner to realize a
loss (KAGEL; ROTH, 1997).

John Kagel, Dan Levin and their associates condus#ggeral experiments with a similar
design, which consisted of a series of auctions d@ittitious object with feedback about the
results after each round. They compared the pedocen observed in the auctions with the
performance predicted by a bidding model in whigkrgone bids rationally: the Risk-Neutral
Nash Equilibrium, or RNNE model (KAGEL; LEVIN, 1986

The series of auctions conducted with inexperiertmdders showed a strong incidence
of the winner's curse (KAGElLet al., 1989). However, the results obtained with "seori-
moderately experienced" bidders varied accordinthéonumber of participants in the auction
(KAGEL; LEVIN, 1986). In groups of 3 to 4 biddersnfall groups), the results were generally
positive and represented around 65% of the valedigied using the RNNE model. However, in
groups of 6 to 7 bidders (which were called “largedups), there was an average loss of US$
0.88 per auction as opposed to an average proffddd8 predicted by the RNNE. In general,
although results improved sensibly with respedhtise obtained by inexperienced bidders, they
continued to be lower than the rational predictione bidder with the largest information
signal generally won the auction, both in the snaaldl in the large groups. The winning bid
exceeded the expected value of the object foragaiditioned on winning the auction in 17.3%
of the auctions with a small number of bidders, an83.8% of the auctions involving a large
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number of bidders. Kagel and Levin (1986) conclutted the judgmental errors responsible for
the winner’s curse were absent in the small grdupsighly present in the large ones.

The results obtained in Kagel, Levin and Harsta8i8{lapud THALER, 1988) for
second-price sealed-bid auctions were similar twsehobtained for first-price auctions: on
average, there was a profit in the small groupsidiwhepresented about 53% of the profit
predicted by the RNNE model), and an average losk2d5 per auction in the large groups
against a predicted profit of $3.95 by the RNNE miod

Kagel, Levin and their associates also conductearmxents using English auctions and
first-price auctions with insider information. Thesearchers sought to identify structures
capable of eliminating or reducing the winner's ssu(KAGEL; LEVIN, 2001). There was
evidence for the winner’s curse with inexperienbgltlers both in first-price sealed-bid auctions
and in English auctions. However, the data presemd.evin, Kagel and Richard (19%pud
KAGEL; LEVIN, 2001) revealed that the winner’'s cansas relatively more severe in first-price
auctions than in English ones. In first-price seédl& auctions with insider information
conducted by Kagel and Levin with inexperienceddbrd (199%pud KAGEL; LEVIN, 2001),
there was an incidence of the winner's curse ileast 47% of all the bids submitted by
participants considered both insiders and outsidadgitionally, there was no significant
difference between the results obtained in auctiomslving asymmetric information structure
in comparison with those involving symmetric infation structure.

Kagel and Richard (2001) investigated the behawiol'super-experienced” bidders —
individuals who had already participated in at {e@g prior series of first-price sealed-bid
auctions. The average financial results were p@sitioth in the small groups and in the large
ones, and, in general, there was no incidenceefrinner’s curse. Nevertheless, the financial
results observed were much lower than those peatlibly the Nash equilibrium model (on
average, the bidders obtained less than half thdtsepredicted by the RNNE model).

Lind and Plott (1991), and Cox, Dinkin and Swarth(®001) investigated the winner’s
curse using experimental designs different tharotiteedeveloped by Kagel and Levin. Lind and
Plott (1991) allowed the participants to have fulancial liability for losses likely to occur in
the experiments. The results observed by the relsexa confirmed the conclusions of Kagel and
Levin (1986). Cox, Dinkin and Swarthout (2001) heldmmon value, first-price sealed-bid
auctions, with endogenous determination of markeg s at an auction with endogenous entry
and exit, the potential buyer decides whether ar m@'she will bid in the auction. Their
experimental design included a profitable alterreatictivity that established an opportunity cost

of bidding in the auction. They reported that thener's curse occurred among inexperienced
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bidders and could be a problem for experienceddr&ldh auctions with a large number of
competitors — auctions with approximately a dozeteptial bidders.

Researching Internet transactions, Oh (2002) ndbtibat in auctions among consumers
(C2C) there is a greater risk of winner’'s curseuo@nce than in those from companies to
consumers (B2C). The results of this study show tta Internet seems to create a market in
which less informed consumers could eventually éeapzed: information technology seems to
change rapidly the market towards favoring the oorer; however, consumers are still
excessively passive to profit from such market cions.

Amyx and Luehlfing (2006) studied the winner’s auiga online auctions and in retalil
websites that get together to constitute a parafiids distribution channel. Results showed that
the bids offered for the auctioned commodities edeel the reference prices for similar items
commercialized in sales websites, characteriziegethstence of the winner’s curse. The authors
also found out that, in spite of being able to mizie the occurrence of the winner’'s curse
through the manipulation of the reference prices the size of the auctioned lots, irrational or
erratic behavior can also contribute to misinforiorat

While studying vertical cross-shareholding, thattie mutual holding of a minority of
shares between vertically related firms, Guth, fdildkis and Normann (2007) pointed out that,

to avoid the winner’s curse, buyers are more ptoreecept cross-shareholding than buyers.

Research hypotheses

In this study, the stronger version of the winneusse follows Lind and Plott (1991)
according to which the phenomenon occurs if auctiimers systematically make bids above
the real value of the object for sale, thereforpesiencing systematic financial losses. The
research hypothesis formulated in order to tesirtbielence of the winner’s curse was set forth
as follows:

Hi - In common value, first-price sealed-bid auctiott®® winning bid presents, on
average, a value higher than the real value ofatileioned item. As a result, the
auction winner has, on average, a negative finhresalt.

Additionally, we evaluated the percentage of wignbids that exceeded the expected
value of the object for sale conditioned on winnih@ auction, as bidding in excess of the
conditional expected value is characteristic ofghenomenon (COX; ISAAC, 1984)

The incidence of the winner’'s curse opposes thenise of the adoption of rational
behavior by auction bidders. The assumption thah@mic agents make rational decisions and
act rationally permeates the standard economicridteedhat guide the neoclassic paradigm
(VAN RAAIJ, 1999). In that context, the most commenquilibrium-bidding model in the
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economic literature and, therefore, a benchmarkrdtional behavior in auctions, is the Risk
Neutral Nash Equilibrium model or RNNE. The RNNE dabassumes that auction bidders
recognize the fact that, if a competitor turns twube the bidding winner, it means that his/her
estimate must have been higher than the “true”evaluthe object for sale. Thus, in the RNNE
calculation, each bid is adjusted downward to otftee information contained in the event that
the bid turns out to be the highest among all thers (DAVIS; HOLT, 1992).

Thaler (1988) points out, however, that actingoraily in a common-value auction is a
difficult task, because it requires making a didiion between the expected value of the object
for sale conditioned only on the information avliéaa priori and the expected value
conditioned on winning the auction. If auction k#dsl do not make such a distinction, and
consequently do not make the necessary adjustrtiegyt,may submit bids, on average, higher
than those predicted by the RNNE model. In ordetesd this proposal, a research hypothesis
was formulated as follows:

H, — In common value, first-price sealed-bit auctiotie winning bid is, on average,
higher than the one predicted by the RNNE modelaAssult, the auction winner
has, on average, a financial result lower thanpghedicted by the RNNE.

The hypotheses so-formulated were verified in adatory setting through common

value auctions involving a fictitious object, wutilhg the experimental design proposed by Kagel
and Levin (1986).

Research methodology

The experimental group was composed of undergradarad graduate students from the
Federal University of Rio de Janeiro, with the shkmpgelected by accessibility. Two
experimental sessions were conducted. Ten MastBegree students participated in
experimental session No.1, and eleven undergradstatients took part in in experimental
session No. 2, . A 5% significance level was adbpte all the statistical tests conducted to test
the hypotheses.

The experimental design utilized in this researas vemployed in numerous studies
involving common value auctions (KAGEL; LEVIN, 198&6AGEL et al., 1989; KAGEL,
RICHARD, 2001; among others). The experiment cdedi®f conducting a series of common-
value first-price sealed-bid auctions, in which thdders acted as buyers of a fictitious object.
The auction participants received an initial cretiat served to absorb possible losses and
establish an opportunity cost for the submissiomafessively high bids. The gains (or losses)
realized in each auction of the series were crédie debited) against this initial credit. Bidders
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whose accumulated balance turned zero or negatere wonsidered bankrupt and were not
allowed to participate in subsequent auctions.

The winner’s curse occurs in a context in whichdeid make their bids without knowing
the real value of the object for sale. In the ekpent, the value (V) of the auctioned object was
chosen randomly from a uniform distribution on aegi interval [\{, Vy]. The bidders made
their bids without knowing, therefore, the realualof the object for sale. Nevertheless, each
bidder received a private information signg) (sawn randomly from a uniform distribution on
the interval [V —, V + €]. Thus, the private signals;X€onstituted unbiased estimates of value
V (or could be utilized together with Vand \{; to calculate unbiased estimates), and
represented the degree of uncertainty relatedewatue (V) of the object (the higher (lower)
the more (less) uncertain the value of the objecthe bidder). Both V, Vy, € and the
distributions used were known to all the bidderse® s, €, V. and \, the lowest and highest
possible values for the item at auction in thisegkpental design were max ¢se, V) and min
(s + €, V), respectively. Such values were reported to eéather together with his/her signal
S.

The information signals thus obtained satisfied tmgerion of positive affiliation
described by Milgron and Weber (1983ud KAGEL,; LEVIN, 1986), which roughly means that
a high value for a given signal increases the goihbathat other bidders' signals and the value
of the object itself are also high instead of I0GAGEL; LEVIN, 1986).

At the end of each auction, the bidders receivdtamtial feedback with respect to the
results. The winning bid and all the other oneswall as their respective information signals,
the real value of the object for sale, and therfana result realized by the winning bidder were
all announced.

Initially, several training auctions were held sbatt the bidders could become
familiarized with the dynamics of the experimentek when the participants of an experiment
have the chance to put forth 100 attempts to gapemence, the occurrence of the winner’'s
curse is observed (SELTEN; ABBINK; COX, 2005).

The results of these auctions were not transfaoeate bidders’ balances. The financial
result was calculated by the difference betweerothect’'s value V and the value of the highest
bid. This result was credited (or debited) to thetsn winner's balance, while the balances of
the other bidders remained unchanged. At the entieobexperiment, the participants received
their end-of-experiment balance in cash.

The instructions distributed to the participantstiad beginning of the experimental
sessions are presented in Appendix 1.
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Generally, in experiments concerning the winnedsse, the number of bidders in the
auction and the uncertainty associated with theéi@ed object are manipulated. In this study,
we investigated the incidence of the phenomenoelysal auctions of an object with a highly
uncertain value and a large number of competitdfs.adopted the standard already established
in the literature for large groups, which is seumdders. In order to make provision for the
possibility of some bidders going bankrupt, moretipgants were recruited than the desired
number of auction competitors, a procedure alsetadioby Kagel and Levin (1986 and 1989),
and Kagel and Richard (2001). The uncertainty aasst with the object’s valuepsilon (g),
assumed a value equal to R$30.00. This value waisagnt to the highest level of uncertainty
adopted by Kagel and Levin (1986), and it was cdedeto the Brazilian currency at an
exchange rate of US$ 1.00 = R$ 1.00. All other ntemyevalues utilized in this study were also
taken from Kagel and Levin (1986) and equally cotec to the Brazilian currency at the
mentioned exchange rate. The adequacy of thosees/alas tested in pilot sessions of the

experiment.

Results

The financial results observed and those predioyethe Risk Neutral Nash Equilibrium
model were calculated for each auction. The fir@n@sult of an auction was given by the
difference between the real value of the auctiartgdct and the value of the winning bid:

(Financial result) = (Real value of the objectWitining bid)

To calculate the observed financial result, théed#ince between the real value of the
object and the value of the observed winning big ealculated. TAB. 1 of Appendix 2 presents
the real value of the object, the value of the \wigrbid and the financial result observed in each
of the 27 valid auctiorisof experimental session No. 1, and of the 20 anstif experimental
session No. 2.

In order to determine the financial result predicby the Nash equilibrium model, the
difference between the real value of the objectthedvalue of the winning bid predicted by the
model was computed. To calculate the value of tlmwwg bid, we utilized the bid function of
the RNNE presented by Kagel and Levin (1986):

b(s)=s-¢+Y forVp +e<s<Vy-¢ (1)

b(s)=VL+(s+e-W)/(N+1) fors<Vi+e (2)
where Y=[2Z/(N+1)]exp[-(N/2)(s— (VL +¥9))];

! Three out of the thirty auctions held in experitaésession No. 1 were discarded for analyzingréiselts. One,
due to a trivial error in calculating the total e auction winner; another, for its result haviregen considered a
clearly discrepant observation with respect to dkigers; and a third, due to the number of auctiarigpants
having been reduced to six.
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b(s) is the bid predicted by the model,

s is the bidder’s information signal,

N is the number of auction bidders;

€ is the value of the signal range([5(V —¢, V+¢)];

V_ is the lowest value of the interval from which treue V of the object was extracted
in each auction;

Vy is the highest value of the interval from whick tfalue V of the object was extracted

in each auction.

The Nash equilibrium bid function has no analytisalution for signals greater than(V
— €). Consequently, in order to compute the bid ptedicfor signals on that interval, we
employed as an approximation the solution deriggdgiignals contained within the interval ¥
€ <5< Vu—¢&. This approximation was also employed by Kagel laenin (1986).

The parameters adopted in this study were:

. N = 7 bidders;

. € = R$30.00;

. VL = R$25.00;

. Vu = R$225.00.

Replacing the parameters adopted in equationsndX2) and using the approximation
previously described for the case of signals grahtn (M;—€), we get:

b(s) =s-30.00 +Y for s 55.00 (1)

b(s) = 25.00 + (s+ 5.00)/8 for s< 55.00 (2)
where Y =7.50 * exp [- (7 / 30.00)¢s55.00)]

TAB. 2 of Appendix 2 presents the real value of thbject, the highest information
signal, the value of the predicted winning bid ¢c#ted with equations (1') and (2')), and the
financial result predicted for each of the 27 vaigttions in experimental session No. 1 and each
of the 20 auctions in experimental session No. 2.

Considering that the two sessions were held urdesame experimental conditions, as
repetitions of the same experiment, we joined Weegets of observations (27 from experimental
session 1 and 20 from experimental session 2)smgle set of 47 sample observations. The
mean financial result for this set of 47 observatiovas R$1.08. In order to té$t we applied a
t-test procedure using a 5% criterion of signifi;arand the results (t statistic=0.912 and p-

value=0.820) did not allow us to reject the nulpbthesis of a non-negative mean financial
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result. Therefore, the research hypothesis) (that the winning bidder has, on average, a
negative financial result was not confirnfet.

In order to test b} we compared the mean financial result of R$1dDthé mean result
predicted by the RNNE model, which was R$7.34. fijyeothesis in its null form was that the
winning bidder would have a financial result equmabr greater than the result predicted by the
RNNE model. We applied a t-test for paired data #mel results (t statistic=-3.750 and p-
value=0.001) allowed us to reject the null hypotheBherefore, the research hypothesis that the
winner bidder has, on average, a financial reswitel than the result predicted by the RNNE
model (H) was confirmed.®

To calculate the expected value of the object && sonditioned on winning the auction,
E (VIS = g), we utilized the equation presented in Kagel &sdin (1986), reproduced as

follows.

E(V/IS=s)=5-¢(N-1)/(N+1) forV +e<s<Vyu-¢ ©))
For the parameters adopted in the experiment:

E(V/S =) = — 30.00 * (6/8) 3)

We opted to calculate E (V/S s) solely for the auction winner. This value serasda
standard of comparison for the winning bid presgéntéevertheless, it was only possible to
calculate E (V/8= g) for the auction winner when the winner’s signalswn the range [V+ €,
Vy— €], since equation (3) is valid only in this sigmahge. The expected value of the object for
sale conditioned on the event of winning the auctar the winning bidder whose information
signal was in the range [\ €, Vy — €] is presented together with his/her signal in TABof

Appendix 2.

2 In experimental session no. 1 (no. 2), the meaantial result observed was R$0.92 (R$1.30) fo2thé20) valid

observations. A t-test at the 5% significance leftelstatistic=0.621 and p-value=0.730 in sessiomnt t-

statistic=0.654 and p-value=0.740 in session Xfireeed by a Wilcoxon test (Z statistic=0.577 andvplue=0.718
in session 1 and Z statistic=1.643 and p-value=).@b session 2) confirmed, for each experimentak®mn, the
results obtained for the aggregated data: we failedject the null hypothesis of non-negative fficial result.

® The normality hypothesis required by théest could not be rejected at the 5% significareeell in the

Kolmogorov-Smirnov test conducted on the samplenlagions of experimental sessions 1 and 2 (Zs$izt0.568

and p-value=0.904, in session 1 and Z statisticZDahd p-value=0.434 in session 2).

* In experimental session no. 1 (no. 2), the meaantial result observed represented 10.7% (22.9%)eomean
result predicted by the RNNE model, which was R6&R$5.70) for the 27 (20) valid observations. #4t at the
5% significance level (t statistic=-6.789 and puest0.000 in session 1 and t-statistic= -2.330 awdlpe=0.016 in
session 2) reaffirmed by a Wilcoxon test (Z statis#.421 and p- value=0.000 in session 1 and #stits -3.024

and p-value=0.001, in session 2) confirmed, folheaerimental session, the results obtained fratigregated
data: we rejected the null hypothesis of a findn@ault equal to or greater than the result ptedidy the RNNE
model.

® The normality hypothesis required by théest could not be rejected at the 5% significareeell in the

Kolmogorov-Smirnov test conducted on the samplepnlagions of experimental sessions 1 and 2 (Zssixtil. 165

and p-value = 0.132 in session 1 and Z statist@B®and p-value=0.306 in session 2).
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The analysis of the data obtained in the two expenial sessions revealed that the
bidder with the highest information signal was tianer of the auction in approximately 62%
of the auctions held, and the winning bid exceettedexpected value of the object for sale
conditioned on the event of winning the auction(\ES; = g), in more than 57% of the
auctions

The fact that more than 50% of the winning bidseexted E (V/S= 5) gave evidence of
the difficulty of the experiment participants incognizing the mechanism responsible for the
winner’'s curse and making the necessary adjustnmetiteir bids. As a result, the average
pocketed gain in the auctions was quite small whempared to the profit opportunities
predicted by the theoretic model. One may supplosethe auction bidders had made a partial,
but incomplete, adjustment. Thus, the bidders abte to avoid incurring systematic losses, but

their results were very low in comparison with benchmark given by the RNNE model.

Conclusions

This research sought to investigate the inciderickeowinner’s curse in common-value
first-price sealed-bid auctions in the Braziliarvieonment. An experiment was conducted and
the results showed no evidence of the winner'securghe form of systematic financial losses
realized by the auction winners for the parametetspted in the experiment. However, the
observed financial results were, on average, maater than the results predicted by the Risk
Neutral Nash Equilibrium model. These results, witempared with the profit possibilities
described by the Nash equilibrium, indicate thectian bidders’ difficulty in recognizing the
mechanism responsible for the winner’s curse.

Overall, the results obtained in this study wermilgsir to those presented in the
international literature related to the theme, aersng the number of auction bidders and the
degree of uncertainty associated with the value¢hef object adopted. They provide partial
support to the occurrence of the winner's cursee Blguilibrium bidding model failed in
describing the participants’ behavior in the studygeneral, the results of this and other studies
indicate that there is a gap between the normatinkdescriptive approaches related to judgment
and decision-making in competitive bidding scerario

Common-value auctions represent a market in whineh garticipants are particularly
inclined to show suboptimal economic behavior, tnsl behavior may affect the market results

in significant ways (KAGEL; LEVIN, 1986). They wilead to a profit substantially lower than

® To calculate the proportion of winning bids thateeded the expected value of the object for saeliioned on
the event of winning the auction, only those auddion which the winner signal was in the range Ve , Vy— €]
were considered.
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the one expected at the time the bid was mademégitt cause a financial loss depending on the
extension through which the participants are ‘cditse

The problem of information asymmetry can causewtimmer’s curse in many situations.
However, Garbarino and Slonim (2007) deduced thahympeople prefer the uncertainties
existing in such situations, even if it is possitalesliminate this problem through lotteries.

When auction participants (first-price, symmetdommon-value auctions) expect strong
competition fromtheir competitors, they tend to l@ds aggressively, a factor that can lessen the
occurrence of the winner’s curse (HENDRICKS; PINKSBORTER, 2003).

This study suffers from the usual limitation of teeperimental approach — the external
validity of the reported results. Further reseascheeded to evaluate the extent through which
the winner’s curse occurs in the “real” world. Didders in large-stake auctions make the same
mistakes? As already noted, however, field datdrageiently complex and difficult to interpret.

Future studies using the experimental design miglgstigate the degree to which the
winner’'s curse may occur in its milder version € tuction winner does not reach a financial
loss but his performance is below normal or undguad. In this regard, it would be necessary
to adopt an experimental design in which an alterea- and profitable — activity would be
introduced in the experimental setting. This atfiwould establish an opportunity cost to serve
as a benchmarking to evaluate the financial reshtfdined in the auctions. Another possibility
would be to investigate the degree to which otlaetdrs — such as number of participants and
degree of uncertainty about the value of the olpecdg auctioned — might influence the value

of the offers advanced by the participants in thetians.
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APPENDIX 1

Experiment instructions

This is an experiment in decision-making. You man wome cash if you follow the
instructions carefully and make good decisions.

The experiment consists of the simulation of aesedf auctions in which you and the
other bidders will act as purchasers of a fictioobject. Each round of the experiment
corresponds to an auction in which you will makeemret written bid for the object being
auctioned. The highest bid will win the auction.dase of a tie, a drawing will determine the
winner.

To bid in the auctions, you will receive an initiatedit of R$10. Gains (or losses)
realized in each round will be credited (or debjitedthat initial credit. The financial result of
each round is added only to the auction winneriarghlculated by the difference between the
value of the auctioned object and that of the wigrbid. If the difference is positive (the value
of the object is greater than the bid), the auctiamer will realize a profit; if the difference is
negative (the bid is higher than the object's vglube winner will take a loss. If your
accumulated balance drops to zero or becomes wegatou will no longer be allowed to
participate in the auctions.

In each auction, the value of the object beingianetd (V) will be drawn from a price-
range of R$25 to R$225, included. Any number witliat range has the same chance of being
drawn. The value of the auctioned object duringrain round will be independent of the value
of that object during previous or later rounds.

In each auction, you will receive some informatiorhelp you decide what to bid for the
object. The first information is a number call®dnal (s). These signals are individual (each
bidder receives an individual number) and musteotevealed.

The signal (3 that each bidder will receive will be defined falows: the experiment
coordinator, after determining the value of theeacbj(information unknown to you), will
generate a numerical price-range, whose centrakvialthe value of the object (V), and whose
lower limit is (V — 30) and upper limit is (V + 30fFrom this price-range, a number of signals (s
equal to the number of bidders in the auction elldrawn.

For example: Let us say that the value of the aljeswn is equal to R$100. Then, the
signals will be drawn from the range [70130].

Notice that, by the rule for generating the rangenfwhich the signals are taken, it is

certain that the real value of the object (V) Wi contained in a price-range that has your signal
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(s) as its central value, and; ¢ 30) and (s+ 30) as extremes. Let’s return to the previous
example: Let's say that someone’s signal is equ&t$92. The bidder who received that signal
can be certain that the value of the object willcbatained within the range [62,122]. In each
round and before deciding the value of the bidaarade, you will receive numbers<{$30) and

(s + 30) together with your signalXs

Therefore, you may count on two price-ranges t@ lyelu define the bid to be made in
each auction: the range given by{80, $+ 30] and the range [25, 225].

It may so happen that you will receive as your aignnumber less than R$25 or higher
than R$225. For example: Let us say that the valube object drawn is equal to R$35. In that
case, the range from which the signals will be aravill be [5, 65]. Suppose, still within the
context of that example, that you receive a sigalal to R$22. In this case, you will know that
the value of the object will be contained in thaga [25, 52], because it cannot be less than
R$25 (or greater than R$225).

The following rules will be followed for making 8d (1) You cannot make a bid less
than zero or greater than your signal plus 30Y@)r bid can be greater than your capital credit
balance, because your balance will only be impabtedhe profit/loss that you realize in the
round in case you win the auction, and not by tikegral value of your bid; (3) The bids must be
rounded off to the nearest whole.

After the conclusion of each round, the followingfarmation will be given to the
participants:

- The value of the object in that auction;

- The financial result for the auction winner,

- The signals provided and the bids posted (withewtaling the identity of the one
who received the signal or posted the bid);

- The financial result accumulated by each biddprto that round (personal
information).

Initially, a few training rounds will be held soaihyou may familiarize yourself with the
dynamics of the experiment. The result of thosendsuwill not be computed in yourbalance. At
the end of the experiment, each bidder will recéilsgher cumulative financial result in cash.

Dou you have any questions?
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APPENDIX 2

TABLE 1
(R$)
Value of the  Winning Observed Highest Predicted Predicted Winner’s
Auction object bid result signal offer result signal E(VIS=g)
@) 2) (3) =(1)-(2) 4) (5) =(1)-(4)
Experimental sessiom\el
1 76,95 85,00 -8,05 106,56 76,58 0,37 97,96 75,46
2 87,88 96,10 -8,22 102,71 72,74 15,14 102,02 79,52
3 201,31 200,00 1,31 227,57 197,57 3,74 227,57
4 176,66 169,69 6,97 195,41 165,41 11,26 193,27 170,77
5 166,00 170,00 -4,00 185,83 155,83 10,17 185,83 163,33
6 223,87 215,00 8,87 247,73 217,73 6,14 247,73
7 131,29 145,00 -13,71 159,76 129,76 1,53 150,96 128,46
8 151,43 150,42 1,01 175,42 145,42 6,01 175,42 152,92
9 93,48 100,00 -6,52 123,13 93,13 0,35 123,13 100,63
10 203,02 200,99 2,03 228,99 198,99 4,03 228,99
11 202,31 200,47 1,84 225,47 195,47 6,84 225,47
12 217,83 216,06 1,77 245,09 215,09 2,73 245,09
13 26,84 36,27 -9,43 48,21 31,65 -4,81 46,27
14 88,83 90,63 -1,80 110,63 80,64 8,19 110,63 88,13
15 134,01 131,00 3,01 154,71 124,71 9,30 146,26 123,76
16 71,96 74,00 -2,04 92,83 62,92 9,04 92,83 70,33
17 101,08 102,09 -1,01 122,09 92,10 8,98 122,09 99,59
18 215,97 210,00 5,97 236,22 206,22 9,75 236,22
19 212,18 200,00 12,18 227,99 197,99 14,19 227,99
20 200,34 192,94 7,40 215,94 185,94 14,40 215,94
21 96,12 81,39 14,73 104,61 74,64 21,48 104,61 82,11
22 119,72 123,00 -3,28 145,37 115,37 4,35 143,35 120,85
23 118,42 130,29 -11,87 139,03 109,03 9,39 120,29 97,79
24 144,10 133,06 11,04 155,64 125,64 18,46 148,06 125,56
25 117,24 103,00 14,24 125,80 95,81 21,43 116,38 93,88
26 140,60 140,06 0,54 157,56 127,56 13,05 157,56 135,06
27 210,74 208,91 1,83 235,04 205,04 5,70 228,61
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APPENDIX 2

TABLE 2
(R$)
Value of the Observed Highest Predicted Predicted Winner’s
Auction object Winning bid result signal offer result signal E(VIS=9)
() (2) (3) =(1)-(2) 4) (5) =(1)-(4)
Experimental session No. 2
1 76,95 76,56 0,39 106,56 76,58 0,37 106,56 84,06
2 87,88 81,00 6,88 102,71 72,74 15,14 102,02 79,52
3 201,31 200,00 1,31 227,57 197,57 3,74 227,57
4 176,66 190,00 -13,34 195,41 165,41 11,26 177,38 154,88
5 166,00 163,53 2,47 191,53 161,53 4,47 191,53 169,03
6 223,87 206,15 17,72 253,72 223,72 0,14 231,15
7 131,29 132,00 -0,71 159,76 129,76 1,53 159,76 137,26
8 151,43 150,00 1,43 175,42 145,42 6,01 175,42 152,92
9 93,48 115,00 -21,52 123,13 93,13 0,35 101,65 79,15
10 203,02 200,00 3,02 228,99 198,99 4,03 206,88
11 179,48 180,00 -0,52 201,56 171,56 7,91 201,56
12 202,31 199,00 3,31 225,58 195,58 6,73 225,58
13 217,83 218,00 -0,17 245,09 215,09 2,73 245,09
14 26,84 39,00 -12,16 53,55 32,32 -5,48 29,03
15 88,83 87,00 1,83 110,63 80,64 8,19 110,63 88,13
16 134,01 125,00 9,01 154,71 124,71 9,30 154,71 132,21
17 71,96 64,80 7,16 92,83 62,92 9,04 92,83 70,33
18 101,08 100,05 1,03 126,11 96,11 4,97 126,11 103,61
19 215,97 201,87 14,10 225,24 195,24 20,74 223,65
20 212,18 207,35 4,83 239,35 209,35 2,84 239,35
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Resumo

A maldicdo do vencedor ocorre se 0s vencedoresitiied sistematicamente adquirem
objetos a venda por um valor maior do que o searvaal. De maneira a investigar a
incidéncia da maldicdo do vencedor, foi conduzido experimento que consistiu na
realizacdo de uma série de leildes de um objetizific O modelo de equilibrio de Nash foi
adotado como padrdo de comparacdo com o desempéiskovado no experimento. Os
resultados fornecem suporte parcial a ocorréncimnaldicdo do vencedor: inexisténcia de
prejuizos sistematicos mas resultados financewedaildes significativamente inferiores aos
resultados previstos pelo modelo de equilibrio dehN

Palavras-chave Maldicdo do vencedor; Economia experimental; @eslde valor comum.
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